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Abstract

Work in the last decades showed that learning from multiword
units is often beneficial for language learning, impacting
mastery of arbitrary linguistic relations and predicting efficient
language processing. Much of this work has looked at
differences between first (L1) and second language (L2)
learning, documenting differences in how children and adults
approach language learning, with only a few studies looking at
individual differences in reliance on multiword units. Here, we
ask whether adults differ in their tendency to draw on
multiword units when learning a new language, and if so,
whether such differences are related to learning outcomes and
to language processing. We used an artificial language with
grammatical gender to measure participants’ tendency to treat
article-noun sequences as one unit during language learning,
and a multiword recall task to measure their tendency to benefit
from multiword units in their native language (L1). Our findings
show that individuals differ in their tendency to chunk
information into multiword units when learning an artificial
language, with most participants falling into one of two distinct
groups, showing a steady pattern of preferences to treat article-
noun sequences as either one or more than one unit throughout
the task. This tendency was found to be numerically, albeit not
significantly, related to how much individuals benefit from
multiword information in their L1. These findings document a
novel dimension of individual differences — the tendency of a
learner to rely on multiword units, which may be related to
different aspects of language learning and processing.
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Introduction

While words are traditionally seen as the basic building
blocks of language, there is growing evidence that multiword
units are also important building blocks for language learning
and processing (Arnon, 2021; Christiansen & Arnon, 2017).
Such units are believed to be formed via chunking, where
words that co-occur together often give rise to a multiword
representation (Arnon & Christiansen, 2017). Indeed, infants
(e.g., Skarabela, Ota, O’Connor, & Arnon, 2021), children
(e.g., Arnon & Clark, 2011; Bannard & Matthews, 2008), and
adults (e.g., Arnon & Snider, 2010) are sensitive to multiword
information and make use of multiword units in learning and
processing. Adults’ difficulty in learning second languages

(L2) seems to be related, in part, to their lesser reliance on
multiword units (Arnon, 2021; Arnon & Christiansen, 2017).
Because adults have prior knowledge of what words are,
based on their native language (L1), they are less likely to
draw on multiword units during learning.

So far, this literature has focused on group-level effects,
showing that both children (Bannard & Matthews, 2008) and
adults (Arnon & Snider, 2010) are sensitive to multiword
information in their native language, and documenting
differences between children and adults in their reliance on
multiword units in learning and using a second language
(Arnon & Ramscar, 2012; Havron, Raviv & Arnon, 2018;
Ellis, 2012). Indeed, when adults are encouraged to extract
larger units in lab settings, similar to how children are
believed to learn language, they show better learning of
certain grammatical relations (e.g., Siegelman & Arnon,
2015). These findings illustrate differences in the use of
multiword units between different groups of learners.

However, there are reasons to think that individuals may
differ in their tendency to rely on larger units, even in
adulthood. Adult learners differ from one another in their
ability to learn a second language, and these differences are
correlated with individual differences in various cognitive
and behavioral variables (e.g., Dérnyei, 2005; Li, Hiver, &
Papi, 2022). For example, individual differences in statistical
learning correlate with sentence comprehension, literacy
skills, and vocabulary development, to name a few (see
Siegelman., Bogaerts, Christiansen, & Frost, 2017, for a
review). However, no study to date has asked whether adults
vary in their tendency to draw on multiword units in learning
a new language, and if so, whether such differences are
related to sensitivity to multiword information in their L1.
This raises the possibility that there are individual differences
in the reliance on multiword units, and that those impact
language learning and processing.

The handful of studies that did look into individual
differences in the reliance on multiword information did so
only by examining language processing, with the general
finding that better recall of multiword information is
correlated with faster sentence processing in L1 and L2.
McCauley, Isbilen, & Christiansen (2017) used a multiword
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chunking task (MWC) to look at the relation between
individual differences in reliance on multiword information
and sentence processing. In the MWC task, participants are
asked to recall sequences of 12 words, which are composed
of four sets of trigrams. The trigrams were either frequently
co-occurring word sequences (target sequences, for example:
have to eat good to know don't like them is really nice) or
random word sequences (control sequences, made up of
words matched in frequency to the target sequences, for
example: years got don’t to game have she mean to them far
is), used to assess participants’ baseline working memory
(WM). Unsurprisingly, in control sequences, participants
recalled about 4-7 elements (Cowan, 2001; Miller, 1956). In
contrast, participants had an easier time recalling the target
sequences, where the words in the trigrams often co-occur
together. In terms of individual differences, the benefit a
participant had from recalling target compared to control
sequences is seen as their degree of reliance on multiword
information in language processing. In addition to the MWC
task, McCauley et al. (2017) measured participants’ sentence
processing using a self-paced reading task, focusing on
sentences with long-distance number agreement with locally
distracting number-marked nouns. They found that
participants who benefited more from multiword information
in the MWC task also had faster reaction times for processing
complex sentences. Isbilen, McCauley, & Christiansen
(2022) conducted a similar study using the MWC task
alongside an auditory statistical learning task. They found
that participants’ benefit from recalling multiword
information in the MWC task was correlated with better
learning of the artificial language, but only when that was
measured using a similar recall task. Similarly, Pulido (2021)
and Pulido et al. (2024) used the MWC task with L1 English
speakers who learn Spanish as L2. In both studies,
participants’ benefit from multiword sequences in their L1
was predictive of sentence processing in their L2.

While supporting the notion of individual differences in the
reliance on multiword units, previous studies did not look at
the unit size individuals use during language learning. In the
current study, we ask whether individuals differ in the size of
the units they use when learning a novel language. We then
ask whether reliance on multiword units when learning a new
language is related to reliance on multiword units in L1
processing, as measured by the MWC task.

To measure unit size during language learning, we adapt
the paradigm used by Siegelman & Arnon (2015). This study
used an artificial language learning (ALL) paradigm to teach
adult participants an artificial language with two grammatical
““classes” of mnouns, marked by preceding articles.
Participants saw pictures and heard sentences describing
them in the language. Every few trials, participants were
asked to type the sentence they heard. Responses were coded
for whether the article-noun sequence was written as one
word or two. This was used as an on-line measure of the
perceived linguistic unit. Participants were exposed to the
language both with and without pauses between the words,
differing in the order of exposure (i.e., first with pauses or

first without pauses). Siegelman & Arnon (2015) found that
participants treated the article-noun pairings as one word
more often when exposed first to unsegmented auditory
input. Further, participants who treated the article-noun
pairing as one unit learned it better, showing a link between
larger initial units and better learning.

The Current Study

In this paper, we offer a novel perspective on the question
of how individuals approach language learning, and how this
can affect language processing. We suggest that individuals
differ in the unit size they tend to focus on when learning a
new language, and when processing their L1. To test this
prediction, we look at participants’ performance on two tasks:
(1) an ALL task, modeled on Siegelman & Arnon, (2015), to
assess the units learners use when learning a novel language,
and (2) the MWC task, to measure their sensitivity to
multiword information in their L1, while controlling for WM.
Note that the data reported here is the first session of a two
sessions preregistered study, aimed also to estimate the
reliability of the tasks reported here.

Our primary hypothesis was that participants would differ
in their tendency to extract multiword units in the ALL task,
pointing to individual differences in the size of the units
segmented from a novel language. Additionally, we wished
to explore if participants who tend to draw more on
multiword units would better learn the article-noun pairings,
as was found in previous studies in a between-subject design.
Similar to the ALL task, we hypothesize that participants
would show variability in their reliance on multiword
information in their L1, as measured by the MWC task.
Lastly, we hypothesize that the sensitivity to multiword
information in individuals’ L1 would be related to the
reliance on multiword units in a new language.

Participants

105 students from the Hebrew University of Jerusalem, all
native Hebrew speakers, participated in the study (83 women,
22 men; age: M=24.8, SD=3.5) for either course credit or
monetary compensation. Participants were recruited using
the university’s systems and participated online using their
own computers. Participants were excluded according to
predetermined guidelines: 1 participant was excluded before
coding the results, for restarting the experiment in the middle;
6 participants due to not having enough codable trials in the
ALL task; and 2 participants due to not learning the artificial
language. After exclusion, 96 participants were used for the
final analysis. See Procedure for the exclusion guidelines.

Artificial Language Learning Task

The task was modeled after the ones used in Siegelman &
Arnon (2015), and Abu-Zhaya & Arnon (2024). The major
change from previous studies was that we only used the
stimuli without pauses (previously called the unsegmented
stimuli) throughout the whole study, and did not expose
participants to segmented stimuli. This was done for two
main reasons. First, in previous studies, participants were
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exposed to both kinds of stimuli, resulting in almost all of
them segmenting the language by the end of the study.
Because we are interested in the individual tendency to either
chunk the language into multiword units or segment it into
individual words, we avoided giving participants the
segmented input. Second, the unsegmented stimuli are more
similar to natural language input, which does not have pauses
as reliable segmentation cues (Cole & Jakimik, 1980;
Erickson & Thiessen, 2015).

Materials The auditory stimuli were taken from Siegelman
& Arnon (2015). They consisted of 12 novel nouns, 2 articles
(fo and si), and a carrier phrase, with a constant sentence
structure: CARRIER PHRASE — ARTICLE — NOUN (see
example 1). The carrier phrase was the same in all sentences.
The 12 nouns were divided into two arbitrary ‘‘classes”,
marked by preceding articles so that each noun appeared only
with one article. Six of the nouns appeared with the article
‘fo’ and the other six with the article ‘si’. There was no
semantic or phonological cue to class membership. The only
cue was distributional (which article the noun appeared with).
Each noun had one semantic meaning of a frequent, concrete,
inanimate object (based on Luniewska et al., 2016). The
semantic meanings were presented on the screen using
pictures, each meaning with a set of 5 different pictures (e.g.,
5 possible different pictures of a pan; pictures from Abu-
Zhaya & Arnon, 2024, and Siegelman & Arnon, 2015).
Because participants’ L1 does use grammatical gender, we
made sure that in each noun class L1’s grammatical gender
was matched (i.e., 3 masculine and 3 feminine). Alongside
the grammatical sentences, 12 article-foil sentences were
used to assess learning of the article-noun parings. These
sentences had the same structure, but the nouns appeared with
the article not used in exposure (see example 2).

(1) os ferpel ti fo etkot
carrier phrase exposure article noun
(2) os ferpel ti Si etkot
carrier phrase wrong article noun

A female speaker recorded the carrier phrase, the articles,
and the nouns separately. The elements were synthesized to a
frequency of 170 Hz to remove possible prosodic cues to
word boundaries using Praat (Boersma, 2001) and
concatenated to create full sentences. All the elements in the
sentences were heard without pauses between them, to ensure
that the only cue for word boundaries inside each sequence
was distributional.

Procedure The task consisted of two stages: a learning
phase, during which participants were exposed to the
language and performed the typing trials, and a test phase.
Participants were told they would be learning a novel
language by seeing pictures and hearing their descriptions in
that language. They were instructed to listen carefully as they
would later be tested on the language they just heard. They

were also told they would periodically be asked to type in the
last sentence they heard.

In the learning phase, participants were exposed to each
sentence 10 times, resulting in 120 learning trials. In each
trial, participants saw a picture of an object and heard its
description in the language. The order of sentences in the
exposure was random for each participant.

As in previous studies (Abu-Zhaya & Arnon, 2024,
Siegelman & Arnon, 2015) participants also performed
typing trials: every few learning trials a text box appeared,
and participants were instructed to type in the last sentence
they heard. This served as a method to assess participants’
tendency to chunk the new language into multiword units,
specifically, by examining if they perceived the noun and the
article as one or more units. Participants performed 40 typing
trials, 3 trials in every 10 sentences (i.e., 3 trials between
learning trials 1-10, 3 trials between learning trials 11-20,
etc.). The position of typing trials within each block was
consistent for all participants, but because stimuli
presentation was random, each participant typed different
sentences in each typing trial. Responses were recorded and
subsequently coded by a research assistant for whether the
article and noun were typed as one word (1) or several
separate words (0). To assure inter-rater reliability, the first
author of this manuscript also coded the responses, and
Cohen's kappa was calculated to measure agreement between
coders. According to predetermined coding guidelines,
responses were not coded if: (1) they did not have a clear
article; (2) they did not have a clear noun (because such trials
could not be coded for the use of an article-noun pairing).
Participants were excluded from the analysis if the number of
their uncoded responses was more than 2 SD from the mean
of uncoded responses.

After the exposure phase, participants’ knowledge of the
language was measured in test trials, using a 2-alternative
forced choice (2AFC) task. In each trial, participants saw one
picture and heard two sentences by clicking on speaker icons
under two choice buttons (labeled “This one is correct”).
Each sentence could be played up to two times. Participants
were asked to indicate which sentence was correct in the
language they learned, by clicking on one of the “This one is
correct” buttons, with choice available only after hearing
each sentence at least once.

Half of the test trials were noun trials, testing participants’
knowledge of noun—object mapping. In these trials, both
sentences contained the correct article, but one sentence had
anoun that did not match the presented picture. The other half
of the test trials were article trials, testing participants’
knowledge of the article-noun pairings. In these trials, both
sentences had the correct noun for the presented object, but
one sentence had an incorrect article. Each of the 12 objects
appeared twice in an article trial and twice in a noun trial,
resulting in 48 2AFC trials. Each of the twelve nouns
appeared 8 times during the test: four times in article trials (in
two trials, each trial as both a target and a distractor,
depending on the attached article), and four times in noun
trials (twice as a target and twice as a distractor). The order
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of trials and the two options within each trial were
randomized for each participant. Participants who scored less
than two SD from the mean in the noun trials were excluded
from the analysis, for not learning the language.

All participants performed the ALL task first and were
encouraged to take a short break before performing the MWC
task, with both tasks lasting approximately 30 minutes.

Multiword Chunking Task

The task was modeled after the ones used in McCauley et al.
(2017) and Isbilen et al. (2022). In this task, participants were
assessed for the processing benefit they gained from relying
on multiword information in their L1, given their baseline
WM capacity. Participants were asked to recall sequences of
12 words, which were either composed of four separate word
trigrams (target sequences), or the same words, but presented
in a random order (control sequences).

Methods

Materials 20 sequences of 12 Hebrew words were created
for the task. Stimuli were formed to resemble the task used in
previous studies (McCauley et al., 2017; Isbilen et al., 2022).
The frequency range of the trigrams used in the target
sequences was 0.08-40 per-million (mean frequency 2.24
per-million), measured using trigram counts from the
OpenSubtitles corpus (Van Paridon & Thompson, 2020).
Control sequences used the same 12 words from each of the
10 target sequences, but in a pseudo-random order while
avoiding high-frequency bigrams and trigrams. All words
were created individually using Google Text-to-Speech, then
combined with 75 ms pauses between each word to create
both the target and the control sequences.

Procedure Participants were told they are about to hear
sequences of words in their native language. They were
instructed to listen to the sequences carefully and type the
words they heard when a text box appeared, after the
sequence was presented. The order of sequences was random
for each participant. Responses were recorded and
subsequently coded by a research assistant, for the number of
words correctly recalled from the sequence, with possible
score range 0-12. To assure inter-rater reliability, the first
author of this manuscript also coded the responses, and
Cohen's kappa was calculated to measure agreement between
coders. Misspellings were corrected and scored as correctly
recalled words. Addition or omission of the definite article to
the target words was scored as correct recalls, as it is an affix
in Hebrew (Wintner, 2000).

Results

ALL Typing Trials The inter-rater reliability in coding the
typing trials was high (Cohen’s Kappa=0.824). When there
was no agreement (10.6% of trials), trials were reviewed and
re-coded by the two coders together. Additionally, responses
that did not have a clear article or noun were not coded

(10.8%, after exclusion of outliers). As a result, 89.2% of the
responses were coded and used in the final analysis.

First, to estimate participants” overall tendency to learn
using multiword units, we calculated a mean chunking
measure for each participant, by averaging over all the coded
typing responses for each participant: the measure indicates
the proportion of trials where participants typed the article
and noun as one unit. At the group level, participants were
more likely to chunk the article and noun into a multiword
unit than to segment it to two units, but, importantly, there
was large individual variability in this tendency (M=55.8%,
SD=40.9%). As can be seen in Figure 1, this large variability
is a result of an almost bimodal distribution across
participants (although this can be a result of the use of a
binary variable; Houghton & Kapatsinski, 2024). That is,
whereas some participants treated the article-noun pairings as
one word throughout the whole task, many others treated
them as two separate words in most of the trials.

Number of Participants

0 25 100

Figure 1: Distribution of the mean chunking score in the
ALL task: the proportion of trials in which participants typed
in the article and noun as one unit during learning phase.

To explore whether participants indeed fall into distinct
sub-groups that differ in their behavior, we used time-series
clustering to group participants based on their cumulative
chunking percentage (proportion of trials treating the article-
noun pairing as one word) up to each trial. We calculated this
percentage for each trial for each participant by counting the
number of article-noun responses typed in as one unit in all
trials until trial i, and dividing it by the number of coded trials
for this participant until trial i. We used the dtwclust package
in R (Sarda-Espinosa, 2024), with dtw_basic (dynamic type
wrapping) as the distance measure, and pam (partition around
medoids) as the time-series prototype. To decide how many
clusters should be used we calculated the silhouette score for
2 to 10 clusters, using cluster package in R (Maechler,
Rousseeuw, Struyf, Hubert, & Hornik, 2024). The result
indicated that the optimal number of clusters is 2, with a
silhouette score of 0.68. For the sake of clarity, from here
onwards we refer to the cluster that includes participants who
tended to treat the article and noun as one unit as the chunkers
cluster, and the cluster with participants who treated the two
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units as separate as the segmenters cluster. The clustering
model resulted in allocating 50 participants to the chunkers
cluster, and 46 participants to the segmenters cluster.

Figure 2 shows the cumulative chunking percentage
throughout the task for individual participants (thin lines),
and the smoothed curve for the two clusters (thick lines). As
can be seen, the clustering solution points to two distinct
groups of participants, which differ in their tendency to treat
the article-noun pairing as one word. Importantly, the
smoothed curves of the two clusters (which represent the
typical behavior of participants in each cluster) suggest that
the behavior of these two clusters is mostly consistent
throughout the task. This means that participants’ tendency
to use large or small units is present early on in the task, after
being exposed only to few sentences, and remains mostly
steady even when they are exposed to more input.

cluster
Chunkers

== Segmenters

Cumulative Chunking Percentage

0 10 20 30 0
Trial Number

Figure 2: Cumulative chunking percentage throughout the
ALL learning phase. Each thin line represents the percentage
of asingle participant in every coded trial throughout the task.
Thick lines represent the mean percentage for the two
clusters.

2AFC Task As expected, participants showed learning of the
nouns and their correct articles, as indicated by above chance
performance in both types of trials (Noun trials: M=80%,
SD=15.7%, t(95)=18.89, p<0.001; article trials: M=74.5%,
SD=12.3%, t(95)=18.69, p<0.001).

To measure the relation between chunking the article and
noun into a multiword unit and learning the article-noun
pairings, we used a mixed-effect logistic regression model,
using the ImerTest package in R (Kuznetsova, Brockhoff, &
Christensen, 2017). Collinearity was small (V1F<1.46, for all
fixed effects). Categorical variables in this model, as well as
in the following models in this paper, were effect coded. The
dependent variable was accuracy in each trial. The model
included clustering allocation (segmenters vs. chunkers)?,
trial type (noun vs. article), their interaction, and trial number
as fixed effects. The random-effect structure included
random intercepts for participants and nouns, as well as by-
participant random slopes for trial type (the maximal random-

! Results were similar when using the numeric mean measure.

effect structure that converged, Barr, Levy, Scheepers, &
Tily, 2013).

Overall, participants did significantly worse in article trials
compared to noun trials (B=-0.32, SE=0.06, p<0.01), and
there was no significant difference in test performance
between the clusters ($=-0.14, SE=0.09, p=0.12). Unlike our
predictions, there was no significant interaction between the
cluster and trial type ($=0.09, SE=0.059, p=0.122), though
the results show a trend towards smaller difference in
accuracy between article trials and noun trials for chunkers
compared to segmenters, as expected. Specifically, Figure 3
shows that the difference between article trials and noun trials
is rather small for chunkers, whereas segmenters performed
substantially better on noun trials compared to article trials.

2AFC Trial Type
® Noun
A Aticle

Mean Accuray Percentage

Chunkers Segmenters
Cluster

Figure 3: Mean accuracy in the 2AFC trials as a function of
trial type and the two participant clusters. Error bars depict
SE.

MWC Task As expected, participants recalled more words
in the target sequences (M=84.1%, SD=16.4%) compared to
the control sequences (M=53.8%, SD=15.3%). Next, we
examined whether the tendency to rely on multiword units in
a newly learned language predicts the benefit of recalling
multiword sequences in one’s L1. We used a mixed-effect
regression model, using the ImerTest package in R
(Kuznetsova, Brockhoff, & Christensen, 2017). Collinearity
was small (VIF<1.1, for all fixed effects). The dependent
variable was the percentage of correctly recalled words in
each trial. The model included trial type (control vs. target),
the clusters from the ALL task (segmenters vs. chunkers),
their interaction, and trial number as fixed effects. The
maximal random-effect structure that converged was random
intercepts for participants and items, as well as by-participant
random slope for trial type. Unsurprisingly, participants
recalled significantly more words in the target trials than in
control trials ($=0.15, SE=0.009, p<0.001). The effect of
cluster was marginally significant, with chunkers recalling
overall fewer words from the sequences ($=-0.018, SE=0.01,
p=0.0769). This effect might point to general differences in
memory capacity, and we return to this in the general
discussion. Lastly, unlike our prediction, there was no
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interaction between cluster and trial type ($=0.006,
SE=0.004, p=0.1379), though the results again show a trend
towards chunkers benefitting more from recalling target
trials, compared to participants in the segmenters cluster

(Figure 4).

MWC Trial Type

® Control
A Target

Mean MWC Percentage

I/I

Chunkers Segmenters
Cluster

Figure 4: Mean words correctly recalled in the MWC task as
a function of trial type and the two participant clusters. Error
bars depict SE.

General Discussion

In the present study, we show that there are individual
differences in the reliance on multiword units in language
learning and processing. These differences were observed in
language learning using an ALL task, where participants
differed in how they segmented article-noun sequences.
Importantly, participants could be described using two
distinct categories: While some participants tended to treat
article-noun sequences as one multiword unit, others tended
to segment them, treating them as two words (or more). Our
findings highlight that much of these differences are present
from the first exposure to the language, with participants
mostly treating the article-noun pairings as one unit or more
already from very early trials and with little change
throughout the whole task. Furthermore, albeit not
significant, there were numeric trends suggesting that these
individual differences relate to the way individuals learn
articles vs. nouns in the artificial language, and to the way
they process multiword information in their L1.

It is worth highlighting, however, that the relation between
reliance on multiword units in the ALL and learning
outcomes in this task were different than what we expected.
Unlike our prediction, we did not find that participants who
tended to treat the article-noun as one multiword unit were
better at learning the relation between them. Rather, the
difference between the groups had to do with their ability to
learn the nouns of the artificial language, with participants
who tended to segment the article-noun pairings showing
better learning of the nouns. Although this question was not
at the center of the current study, these results point to a
difference in learning the artificial language based on the
realized units of the language, but in a different way than
found in previous work (e.g., Siegelman & Arnon, 2015).

However, it is also worth noting that in previous experiments
participants were exposed to both segmented and
unsegmented input, differing in the order of exposure, while
here participants were exposed only to the unsegmented
stimuli. Because all participants were exposed only to the
unsegmented stimuli, and the only clue for word boundaries
was distributional, these differences might point to
differences in statistical learning, with segmenters as “better”
statistical learners. These participants might have better
segmented the nouns from the sentences, leading them to
allocate more attention to them while learning, and as a result
to better learn them.

Another effect that should be accounted for is the marginal
overall worse performance in the MWC task for participants
in the chunkers cluster. If indeed replicated in a larger
sample, this effect might be an important step in
understanding the underlying reason for the individual
differences in the tendency to chunk linguistic information
into multiword units. In line with chunking theories (e.g.,
Miller, 1956; Christiansen & Chater, 2016), one possible
explanation is that chunkers might have lower memory
abilities, leading them to recode more linguistic information
into larger units and use more multiword information. These
individuals might be prone to chunk linguistic information
into larger units when learning, otherwise they might not be
able to memorize it and use it later. This can result in the
discussed effect: these individuals would be chunking new
linguistic information while having a hard time recalling
linguistic information that they cannot recode as chunks. This
possibility can be examined in future studies by directly
testing individual differences in memory abilities.

To summarize, to our knowledge, this study provides the
first investigation of individual differences in the linguistic
unit size perceived during learning, pointing to an almost
dichotomous separation between individuals who attend to
larger units and ones who attend to smaller ones, which is
present already in the early stages of exposure to a new
linguistic input. Moreover, numeric trends in our data suggest
that these tendencies relate to how one process their native
language: Individuals who tend to chunk linguistic units into
multiword units when learning show greater benefit when
they rely on multiword units in processing their L1. Taken
together, these findings uncover an important dimension of
individual differences: The tendency of a language learner
and user to rely on multiword units. Additionally, they
highlight the need for further investigation of individual
differences in unit size used for learning and processing,
exploring if these differences are stable over time, and their
relation to additional ecological language learning and
processing tasks. As a next step to understand the stability of
this tendency over time, we are currently performing a test-
retest paradigm, to evaluate its reliability.
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